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Extended Abstract

Our paper seeks to assess the imapct of information and advertising on consumers’ preference of wines in Christmas campaign in Catalonia (Spain). We apply the Discrete Choice Experiments using a hybrid Conditional Logit model introducing the interaction of wines’ attributes with publicity variable. Two questionnaires have been applied to a pre and post spot samples formed by 300 and 400 individuals respectively. Results suggest that the proposed spot does not make any change in the ranking of the preferred attributes. However, the magnitude of the willingness to pay for some attributes has revealed some differences. The most preferred attribute is the Catalan origin of the wine followed by the Cabernet Sauvignon variety. Moreover, consumers tend to acquire wines that are recommended by third persons.
Information and advertisement usually play an important role in defining consumers’ preferences, since they could affect the decision to acquire products. In this context, information’ perception is heterogeneous across individuals and should de treated adequately. Misunderstanding this fact could lead to biased welfare measurements across individuals. Several choice experiments studies that analyze preference heterogeneity have used different modeling approaches that allow including exogenous variables in explaining preferences such as the advertising. We highlight among others alternatives the Latent Class models “LC” (Boxall and Adamowicz, 2002; Milon and Scorgin, 2006; Ouma et al., 2007 and Jones and Hencher, 2007), the Random Parameter Logit models “RPL” (Birol et al. 2006; Brey et al., 2007; and Wang, et al., 2007) and the Mixed or Hybrid Conditional Logit models “CL” (Mazzanti, 2003; Kallas et al., 2007; Colombo et al., 2007; Birol and Cox, 2007; Campbell, 2007 and Espino et al., 2008).
In our study we apply a Hybrid Conditional Logit model in order to assess the impact of advertisement via a specific spot on wines’ preferences in Catalonia during the Christmas campaign (Spain). The hybrid CL models have been applied by introducing the interaction of all attributes levels with a dummy variable representing the publicity spot. The utility function used has the following form:
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Where,
i = 1…I, representing the selected alternative i within the set of alternatives (Cn);
k = 1…K, representing the attributes which characterize alternative j;
(k = population mean impact of attribute k for individual n choosing alternative i;
Xki = value of attribute k in alternative i,
Xki × P = combined effect of attribute k in alternative i (Xki) by dummy variable representing the advertisement effect,

(kp = coefficient of interaction between the attribute k and dummy variable P.
The attributes and levels of wines were identified on the basis of a previous pilot questionnaire and other focus group realized in the university. These are shown in Table 1.
Table 1: Attributes, variables and levels used in the CE
	Variable
	Description

	Origin

	Effects coding

	ORIG0
	Base level= Foreign

	ORIG1
	1= Spain; -1= base level; 0= otherwise

	ORIG2
	1= Catalonia, -1= base level; 0=otherwise

	Knowledge

	Effects coding

	KNOW0
	Base level= Personal experience

	KNOW1
	1= Recommended; -1= base level; 0= otherwise

	KNOW2
	1= well recognized and prestige, -1= base level; 0=otherwise

	Variety of grape

	Effects coding

	VART0
	Base level= Merlot

	VART1
	1= Garnatxa negre; -1= base level; 0= otherwise

	VART2
	1= Cabernet Sauvignon, -1= base level; 0=otherwise

	Price

	Continuous coding

	PRICE
	Price of alternatives wine with three level: 6 €, 10€ and 14 €

	Publicity
	

	Dummy variable

	PUB
	1= post spot sample, 0= pre spot sample


Following an orthogonal fractional factorial design, we estimate all attributes’ main effects. This statistical design enables us to reduce the number of sets from the initial 34x34 in the full design to 9 choice sets. Figure 1 shows one of these sets.
Figure 1: Example of a choice set
	ELECTION  # 1
	Alternative “A”
	Alternative “B”

	Origin (A1)
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	Catalonia
	Spain

	Knowledge (A2)
	[image: image3.jpg]



	Personal experience
	Recommended

	Variety (A3)
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	Merlot
	Cabernet Sauvignon

	Price (A4)
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	6 €
	10 €

	Supposing these options are the only ones available, which would you buy?
	
	
	
	
	
	


The results of the hybrid conditional model are shown in Table 2. Overall, the model is highly significant and shows a good fit when comparing the log likelihood at zero and at convergence
Table 2: Results Hybrid HEV model
	Variables
	Coefficients.
	Standard error
	p-value

	ORIG1
	0.1330
	0.0369
	0.0003

	ORIG2
	0.3724
	0.0411
	0.0000

	KNOW1
	0.1040
	0.0436
	0.0172

	KNOW2
	-0.0856
	0.0347
	0.0136

	VART1
	-0.1823
	0.0365
	0.0599

	VART2
	0.3257
	0.0435
	0.0000

	PRICE
	-0.0528
	0.0083
	0.0000

	ORIG1 ( PUB
	-0.0858
	0.0485
	0.0766

	ORIG2( PUB
	0.0291
	0.0502
	0.5621

	KNOW1( PUB
	-0.0714
	0.0579
	0.2180

	KNOW2( PUB
	0.0016
	0.0459
	0.9718

	VART1( PUB
	-0.0095
	0.0486
	0.8447

	VART2( PUB
	-0.0193
	0.0565
	0.7332

	PRICE ( PUB
	-0.0224
	0.0108
	0.0380

	Summary statistics

	No. of observations
	6,291

	Log-Likelihood (0)
	-4029.805

	Log-Likelihood (θ)
	-4350.9034

	Log-Likelihood ratio
	640.57 (0.0000)

	(2 (pseudo R2)
	0.08


For the economic interpretation we calculate the IP for each attributes and their confidence intervals employing Krinsky and Robb (1986) simulation. Almost all implicit prices in Table 3 are statistically different from zero. Moreover, comparing pre and post results, the proposed spot have demonstrate a null impact on attributes ranking between the two samples. However, there are some differences in the intensity the implicit prices of some attributes as can be seen in Table 3.
Table 3: Implicit Price of attributes and levels
	Pre
	Post

	Attributes
	PI
	95% C.I.
	Attributes
	PI
	95% C.I.

	ORIG0
	-5.157
	(-6.559 ; -4.084)
	ORIG0
	-3.737
	(-5.355 ; -2.416)

	ORIG1
	1.266
	(0.632 ; 1.964)
	ORIG1
	0.334
	(-0.504 ; 1.177)

	ORIG2
	3.890
	(3.114 ; 4.948)
	ORIG2
	3.404
	(2.491 ; 4.703)

	KNOW0
	-4.007
	(-5.337 ; -2.799)
	KNOW0
	-2.697
	(-4.251 ; -1.370)

	KNOW1
	3.129
	(2.170 ; 4.304)
	KNOW1
	1.968
	(0.874 ; 3.164)

	KNOW2
	0.878
	(0.196 ; 1.593)
	KNOW2
	0.729
	(-0.117 ; 1.582)

	VART0
	-3.403
	(-4.969 ; -2.147)
	VART0
	-2.509
	(-4.091 ; -1.108)

	VART1
	-1.922
	(-2.652 ; -1.329)
	VART1
	-1.603
	(-2.566 ; -0.789)

	VART2
	5.326
	(4.045 ; 6.944)
	VART2
	4.112
	(2.793 ; 5.777)


Note 1: IP are measured in €, which is the willingness to pay for each attribute’ levels.

Note 2: Readers can consult the key and meaning of each variable in Table 1.

Moreover, our results allow calculating the differences in marginal utilities for the different levels. Thus the willingness to pay to pass from one level to another can be obtained. In Table 4 it can be seen that there is some difference in the implicit values. However, the sign and ranking of the willingness to pay reveal some differences. 
Table 4: Implicit prices and confidence intervals for change in levels
	Levels’ change
	Marginal Utility differences
	IP of change from levels (€)

	
	PRE
	POST
	PRE
	POST

	ORIG0 ( ORIG2
	0.8467
	0.8132
	9.0468
	8.6688

	ORIG0 ( ORIG1
	0.6011
	0.4637
	6.4227
	4.9337

	ORIG1 ( ORIG2
	0.2456
	0.3496
	2.6241
	3.7149

	KNOW0 ( KNOW2
	0.4572
	0.3902
	4.8845
	4.1489

	KNOW0 ( KNOW1
	0.6679
	0.5313
	7.1361
	5.6565

	KNOW1 ( KNOW2
	-0.2107
	-0.1411
	-2.2516
	-1.5279

	VART0 ( VART2
	0.8169
	0.7541
	8.7287
	8.0368

	VART0 ( VART1
	0.1386
	0.1032
	1.4808
	1.0819

	VART1 ( VART2
	0.6784
	0.6509
	7.2479
	6.9347


Note 1: IP are measured in €, which is the willingness to pay for changing from the level to another of the attributes.
The estimation of the indirect utility functions could turn out to be useful in analyzing preference. Thus, the use of choice experiments has revealed its ability to assess the impact of advertisement on attributes preferences in the case of wine product during Christmas campaign.
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